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Model of high-level motor control (Schmitt, Giinther, and Haeufle 2019)
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Joint space control
continuous vs. intermittent
model-based control

Model of skeletal muscle
Hill-type model
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Numerical solution
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Model of skeletal structure
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Deep control using a biosimulator and a biorobot
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16 states, hand position x € R? (a) Point reaching evaluation. (b) Circle trajectory following.

Goal: 7:x,.p €RY —ue[0,1]™, m(X;ef) = Uy, data 2 = {(u;, X},

Forward model to learn: | ¢:ue0,1™ —»xrefele , initial data: 2 = {(ug, x¢)}

Control policy: | u} = argmin ull, + Alu—ugl5 s.t. GpM@) =X,er (Driess ot al. 2018)
ueR™
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Muscle-spring units as bio-inspired actuators
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FMSU = fF (p, |MSU) ‘ (Wolfen et al. 2018)
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